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Fig. 1. Overview of DeepTrans Studio. Expert decisions made at terminology, QA, and sign-off intercepts are saved to shared team
memory and later retrieved as precedents in teammate workflows. The demo lets attendees experience this flow by correcting a
preset legal risk and observing its reuse in another workspace.

Professional translation is often a team-based process: translators, reviewers, and project managers must coordinate terminology, legal
force, and accountability across documents. Yet many LLM-based translation tools treat human corrections as isolated edits. Expert
decisions made in one segment or by one member are rarely captured as reusable knowledge for the rest of the team. We present
DeepTrans Studio, a collaborative translation workspace that lets professionals intercept selected nodes in an agentic translation
workflow, review evidence, revise AI outputs, and save approved decisions to a shared team memory. During the demo, attendees will
role-play translators and reviewers, resolve preset terminology and legal-modal risks, and see how their decisions are propagated to
downstream segments and surfaced in a teammate’s workspace as reusable precedents. The demo illustrates how human interventions
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in AI-mediated work can become shared, traceable knowledge rather than one-off corrections. one-off corrections. Code and demo
video: https://github.com/hint-lab/deeptrans-studio, https://youtu.be/cNpafhHAEjg.
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1 Introduction

Professional translation in high-stakes domains is collaborative work. Translators, reviewers, project managers, and
clients must coordinate terminology, legal force, and accountability across people and documents. The central challenge
is therefore not only to produce fluent text, but to make translation decisions consistent, visible, and reusable within a
team [4, 5].

LLM-based translation tools make this coordination harder when they are designed as end-to-end pipelines or
one-person chat interfaces [1, 6]. Professionals may correct AI-generated drafts or multi-agent outputs [3, 9], but
these corrections often stay inside a local session. As a result, teams repeatedly resolve the same terminology conflicts
and legal-modal ambiguities without a shared record, leading to terminological drift, duplicated review work, and
accountability gaps [8]. DeepTrans Studio addresses this by making expert interventions visible, reusable, and
auditable across professional roles.

To achieve this, the system exposes selected agentic workflow nodes for human interception, balancing automation
with expert agency [7]. At terminology, QA, and sign-off points, experts can inspect evidence, revise AI suggestions, and
record the rationale for their decisions[2]. Approved interventions are then synchronized into a living team memory,
where they guide downstream segments and future work by other members. In this way, the system shifts AI-assisted
translation from isolated editing toward shared, traceable team knowledge building.

Our core contributions as a CSCW Demo include:

• An interactive demonstration of human-interceptable agentic workflows, allowing professionals to pause
selected steps and revise outputs before downstream propagation.

• A shared teammemory mechanism that turns individual expert interventions into reusable precedents across
segments and team members.

• A role-play demo scenario showing how translators, reviewers, and project managers coordinate AI-mediated
decisions in a high-accountability workflow.

2 System Design: Collaborative Translation Infrastructure

To support team coordination, DeepTrans Studio implements a stateful dual-loop framework that combines background
automation with human-supervised decision points. The system moves beyond “black-box” pipelines through four
collaborative modules:
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Fig. 2. From individual intervention to team-wide propagation: a translator intercepts an Al decision, reviews evidence, approves a
terminology choice, and the system reuses the decision in downstream segments and teammate workflows.

Shared Translation Workspace: Translators, reviewers, and managers work with synchronized document states
(e.g., intercepted, signed-off), establishing workflow awareness without reconstructing decisions from local chat
histories.

Node-Intercept Layer: Instead of autonomous completion, the pipeline pauses at high-risk nodes (e.g., terminology
conflicts, legal-modal ambiguities) to expose intermediate outputs for human review before downstream propagation.

Shared Team Memory: Expert interventions are synchronized into a “Living Dictionary.” These approved decisions
become reusable precedents retrieved for teammate workflows, reducing repeated edits and terminological drift.

Accountability Trace: The system logs the provenance of model suggestions, human edits, and reused precedents.
This trace allows reviewers to inspect decision chains and verify accountability across roles.

3 DeepTrans Studio in Action: A Collaborative Walkthrough

To illustrate the collaborative workflow, we use a scenario involving a senior translator (Alice), a junior translator (Bob),
and a project manager (Chen).

1. MT Phase and Visual Anchoring: Alice uploads a contract. The system preserves key structural cues and
initializes a multi-panel workspace (Fig. 2(a)). This helps the team maintain a shared view of nested legal conditions
rather than treating translation segments as isolated sentences.

2. Terminology Intercept and Memory Sync: Alice reviews inconsistent terminology through the alignment
interface (Fig. 2(b)). After she approves a term, the decision and its rationale are synchronized into the “Living Dictionary,”
turning a local judgment into shared team memory.

3. Modal Intercept and Accountability: The system triggers a node-intercept at a legally ambiguous modal phrase,
such as shall versus may (Fig. 2(c)). Alice inspects the surfaced evidence, revises the AI output, and records the decision
before it propagates to downstream segments.

4. Team Reuse and Final Sign-off: When Bob later encounters a similar clause, DeepTrans Studio retrieves
Alice’s precedent and displays it in his workspace, reducing duplicated research and aligning team decisions. Chen then
uses the dashboard to inspect the Accountability Trace and verify the decision chain before final sign-off (Fig. 2(d)).
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4 Demo Setup and Preliminary Feedback

Interactive Demo: At CSCW 2026, attendees will take part in a 5-minute role-play. First, they choose one of two
preset risks in a legal contract: a terminology conflict or a legal-modal ambiguity. Next, DeepTrans Studio triggers a
node-intercept, and attendees act as reviewers by approving, revising, or rejecting the AI proposal. The system then
switches to a teammate view and shows how the approved intervention is retrieved as a precedent for a later segment.
This setup demonstrates that attendees are not merely correcting an AI output; they are shaping how the team handles
similar decisions afterward.

Preliminary Feedback: Formative walkthroughs with 12 professionals suggest that DeepTrans Studio may help
shift corrections from isolated edits to reusable team decisions. Participants especially valued the ability to inspect
why a segment was interrupted, record the rationale for a correction, and make that correction visible to teammates.
One senior translator (P7) noted: “I no longer just clean machine messes; my intercepts now anchor consistency for all
members, allowing individual expertise to act as a shared knowledge asset.”

5 Conclusion and Future Work

DeepTrans Studio demonstrates how expert interventions in agentic translation workflows can be recorded as shared,
traceable, and reusable team knowledge. The CSCW demo will let attendees experience how node-level intervention,
team memory, and accountability tracing can support collaborative work around AI-generated outputs. Future work
will extend this infrastructure to other high-stakes domains where expert judgment must be coordinated across teams.
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